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2 Hyper-plane

.Kernel

. Bayes Classifier

. Noise

o b~ W

218



G

YID)LA.::J AYSEL c\i'ijza_Lg ;JLMJ L{.}))L:é‘};i;.-

B J‘v\i‘ﬁ) C‘}g‘} JLA.:;'\ cP(B) jA D‘J.ijj C}.;) JL&J;—\ cP(A) Jw’bb Al g Cj}j MA b“’\iﬁ) Asukfl “
(Tarig et al., 2023:5) .l .

"(KNN) o o 5S35 —K sais giuazd —¥-Y-0
L;Laéﬁﬁ@:fﬂ4Sg:,wq|&gbdﬁsgduﬁ)ﬂ|w}a:b)\éqw&i}&:)i—kamdw@
d e S50 SO (Shs sl s alie 35l ek ped Koy 281 ST om0 cnl 3 il o 550
Linetal., ) sls 1) aws of slad s sla S5y 5 5,05 Gl DS 0T 4 50 4 ged OF il Lol 8 K
d&jyidudﬁw;&:}j\6@|o;b&ﬂbguo.uvc;)llé.lc;ﬂf:tﬁui))&v;wﬂ|w\ .(2023:10
L Jsgzme glrosls (s Cjls a0 S o oslinal o3y &G (ghuos S 5550 53 o o b (gdodil (sl;;_l\ sl
el el e S s Seaih (S 5L sl (sl bk (i 4 4
S 0315 Lisluan o 5T 5 = K Ol 53 \)Qj)wﬁ.ﬁﬁw%QJJJ,}Jadx{o)ﬁdﬁiqu 3O5s

(N. WU et a.l., 20238) .«\ﬁ::b‘_ga JJA‘)L’ J‘J:LJVJLW‘ k )‘J}.ﬂ cr.:.:))_{‘\ U'-’-‘ DL J}erd oal3

D) (g 5 praeiai S 530S (gl —E-¥—0
laasls 31 sl Sl o3 S ol L;\d}f&éuomé@@g;\dgd;m@ Sy oS (gluand
ol 6‘], Lf‘:j) couém@ w\bb;&d@mﬁéucwb)‘ 6‘“MQ°J§JA4§¢"”LA°J§}
Q)jﬁpé\..vl.‘hoﬂ)J‘ﬂé}b‘.&e-&k}‘jﬁ.};&&MJ\MQoJ)&'A{ASMQ@&UMMTJ}QJB
L;U;Asduléuu_f;uj\6\49},,.?“);|);y.yLilfzéﬂsfm@u,});&i.x,;&\&\wéuwﬁ
Jﬁub)\yw\)bérfﬁwwjéjb}bJS@W}M%QB%‘LJ@UA%J&H&M
Oliee (pyeS b ang @larls Sltlo &G (6 S ol St iy 53 ZemlaS 5 Ll Tlas S ila i
juus\,\ggsw\)uw%&pw%pw.;ﬁy;uoﬁslmt}s\»pxl;yw@;
L5|J.3J.>—go&éu&uéu)t}'u>\J.«_‘{45L5.1L?J)'\.3;4.?}L;S)Jégxﬂf&)ljéosl.&;wl;)yqy
&\)S.zﬁxﬁ\j})ﬁ;)ngibo,wéx\g@&fl}b‘MbsLijx\jS&Lau»%lefS%J\w
Wb&@m&\j@&séﬂfw’@})b&i|ﬁ)>ﬂw%&d&jsjsuij)6ﬁ§)[smbuw%

RAEEERA LY ‘leﬁw}Jx:éj)zj,.ih}i.),;ofbd:w&yj>6u4}u@

FRT) dolas glacs s oS ghvarb —0-¥-0
—M&uwjﬁ)‘ﬁhj)f)‘éw‘MKJ&:OM&J&M&L@&})J‘&&JL&J6@&)3&)}@\
@;’-ﬁdstﬂj:lwobséwlQbskbl%sjsu;wﬁ@;,adww\.xs@uumL;J;{@.lah;lﬁ@j

1 K-Nearest Neighbor (KNN) Classifier
2 Decision Tree

3 Nodes

4, Random Trees
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2. Panchromatic
3. Gram Schmidt

220



YIA)LQ.J:/\A))é:\i'i}:ﬂL‘:::@L...J‘JA{U))L:é‘Ji.? ) m

el oS oalazul ijﬁ J..JJ.B

Gots glaadly 5 Com T
03 g0 Galate s U e 5 seal (G e s3]y el Jlesl S loslale pat (S0 S e
3 s pmlnly 4 (g eSSl s paesy SBSL Bl gls JuSKy 250G el (6 peSE Sl s 55
3 Sl el Jlasl g BUS Bas e ' OB5L ol o @ (] meaal Sl oalital b s
ENVI 5510 5 James 557 25 e 51 (g jamed] prmnas Jlasl g Radiometric Calibration | ;.|
ol o3litul O35 g Aol 3 el g2 0.0 05,5 ENVI is3le 5 55 (GS) el 5 o5 oS0 51y S oslinl
— 5 St B3l 2 e ele (6850 sl s SN el loslale o pesl il g o
sl OF (S35 2 (2315 2 oy Slhos oS andllan 5,50 adlatn (slojlgale  goas s S eslinal 2SI )31
o pd 035, So S st 5 L3 S Gl e 5l lases 535 edd o3 TIFF i s L5 0ys S
Gl S oo 5 b IS0 o el )3 (liankad Sldas (g 0 ead oLl ) 5 g s S
) s ikl S al e nl 5523 8 el uandss Il o Sl 4 Ol ) g il
VA S s 5T el Jald CleS Sl s sl T iy SIS 5 sbanlsd
b 8 e plamil s 4 sl 8 L X 51 VL e el 53 5 /Y (S sk s
SSlge Fpun TSl meS la el 3 5 i S e 18 aakd SO s plets as)le L S (5, 5b

LSLA&QA)JNLEADJJAMJLJ‘ﬁJ@.QMJQWQL;‘o6\.&&.{.&w;y)‘}w.)\..}:)bw)b

Al e g Shuandad 5 ol (6 pead Ll Sle 5 il

1. Reflectance
2 FLAASH
3. Multiresolution Segmentation

221



Sl e o 5 S8

d».ﬁb‘jdhl.:fu,:..&ﬁ‘ng.g.&a.l..;:@;-bf‘)|www¢6ﬂj@';w‘@j§)6@w@wrl}u‘)\w
Olgeas 50 (gsldas gs‘;)')'“I bl Olgeas gdoankd > o s eddantla Ll 51 eoliad 5 Bus a0 L

Al e el gk pes bl BB I galias sdias OLas Ve S s Ol s il b

G sl odd sbul disel b dged N UK eddabul sl gls paised N JKS

a5l 3 3 e a3 81 gty (nile (6 S5k slap s Sl ot A 5 (6 e Ll syl g
A plal Sluaid Olles ‘V':“jﬁ‘ A

222



S SKSE 2 aal A IS Lsad AW JKE 0l e (S5 sl (s WIS Wiged VY JSS
Gl olme Sl 5 5 SKle s el Sl b 5 leas 0 535 sy bl gduaid al> el o
PSS s — Ko 6L“¢11JJ<J‘ sdd A5 glaalds sasOL VA JINVE (gla IS5 S el et AL e

JM.ZL& @)Lﬂj LSLQCA})J 9 LSJ‘;(":M. C,})b cd% )bj'.' w...::l.ﬁ LA.:L...M

arsaomo

T
4250000

szamoan

T
azs7000

arsaono

423000
i
T
255000

arraon

T
154000

20000
v
azs10d0

[ ] sttt

& I e 2
S ol 3 o35 SR 31 0 sloml 428 N0 IS ol s om) s8I ) el A 5wl Ve S
Bayes

T
253000

B

T T T
1285000 5250000 257000

T
asi0t0

& |
[ .

e B SN 2.
[ sty [ : :

S
£1 |t
| i Besaccs 2 o
oo

[ ]ty il

s
-
e

- =
B 0 0275085 11KM. » 0 075055 LIKM
[ — [ o iy e
g e ; : y : et |
§ e 2arots 0sedo osolo 210000 21100 ate § § wite 08000 209000 21000 00 o §

wa;&,;;—kﬁ,ﬂuuu.\g;w;;wp }ﬁﬁ)ﬂljla&g,sﬁz\'\dﬁ

! Nearest Neighbor

223



Sl e o 5 S8

s asso assonn wsr000 fd

e

asion
I

Oldy s p cpile r:;_,‘,ill,'l ok A 5 s A YK
Fn e il S5k Slae S guadl ook Sl ed (S e easdoe 228 LS Sl
o S eslinal s pe glagn ;SN 5 pIUS e gnail 35 aloes 4 plB) (slejlale slas (o) s
5 S s Tl s Cndls IS LS Sl eslizal L i SIS le s 3 Gsb glap, S 35 aulows
LS a5 IS cds UL Y ot s 8 ambne B 3550 lann, S SH S e 6l WS
AL e Gz opl 53 el el

ﬂ)ﬂ|j&‘5‘ﬁe.\ﬁi¢~n.\e‘;\5&3‘5gls%rblvdj-‘?

(d33) JS =35 L oeile 555k o, 8
an /At 3=
qv /AL slaor o s - K
40 /At Oty Jls 5 ol
an /At S o 53
Q8 /A4 solal gl s

5 ARSie peh B 6 5 Gl et ann s gyl 4 ok plesl glojlale slaas welsl s
C;M&T&'ﬂyupwbg.@;&.@\wz SYOVEXeve e sl el gl o0

Yo dile Mo a jed opldas 0 QLS | s nie (A1 5 boslr 5 sy 5 6 6 Sl el edliias
dnn g5 5 Ay Lsll 5 Lty plosl man 5 gd GBI s Ol rlge S el 4 & lgn 5 5 035
255 Sy a 2Ll 5 ol 5 0 (55 sl (SR LS s SO Ll il (Sl (S5
Lol 53 gladle b s 1y gl ol comlus 5 uis opl 35,19 K s o OLES 1) b sl 50

224



=
Voolad Aoysz ErE 5l (Sl Loy, 5 Wl A A\t
X by e
¢ L 5
e s
Ah
\
] .
A.? "
1% PR oo ¥
. "_'.'- ¢ s .- )
50 o oq e *%
] - : - 01 2
P PrF s #best! [ oot i [ o4 sto oot L

YOYE Y ONE Yoon o gl g i gl (S50 dnm g Ly, ok A8 4l V4 KS

S8 53 GILI LSl 5 ed e Sin 48 YoVE B Y0 ve sladle o a5l S 5 (S5l st 55 L,
AU bl S Sl o3l 3 S el OF Sl 4l ol coddesls olis Overlay  aii oy Yo
Dl i ol 42313 (S g ot 03 500mn 53 Al T 053 ol b 15 SIS QYO my i e oy 2ty
Aoys AAQ 5 S 0Y8/80 L sddastle ol a4 oys3 nl b eid Sldis 5 doys 5l b syl oS
sl ol IS (Yrrv=Y o ¥0)e 55 nl b 5 W ,lS oS (6 i omlne Blond 3l .l 035
VYAANY a5 Yooe Jlo s doys V/TY 5 Ll £47VY 1 aS 6 sbay ol anils il 3l L3l |y a2
DS OYE/60 ny Al cp i 55 nl ool 68 Rlie paiced sy YoYE 3 A3 VVAY 5 LS

CMA‘ ails b

0 4255000 4256000 4257000

4254000

4253000

@
* [ [RLSESRNR) R Tors s sl it
.

. L
har’ i
T T

| - - A
20R000 207000 208000 2nan0n 210000

Yovi-Yerr ladle o (S5 a5 O s Overlay ais ¥ S

T T
211000 212000

S S 4o~ ¥
U‘i‘ QY}?J}LAOTJJVSB L;jl*‘jcﬁl-“j@‘j) °~’~:%=¢4 rj:’K"ﬁLSJG‘:‘ Lsf.Lf.ﬁfjsjﬂ JA“};’ C}J}JJ&S
ol o 5 s 53 i b 5 ST Sl ey 5w 0l 53,8 e T 51 e 03 Jsb s il
&he&ﬁé@@bje;@\l{ﬂjoﬁiﬁﬁid{ﬁgw}:mjwC\f@\q@bdwlﬁsjs‘d\)l&ﬂbp

225



i
Al e 2 5 63 =
- k e RULY &J\.«Jw LSL‘E v.'.’.;))ij\ J.AL..:: LS‘OJ‘}ALA J_:)L..a? &‘Jg&.:: &)‘Jﬁ Bs &}.ﬁ g:...::l.d &;JLA
L;‘ﬁ.wﬁ)\ﬁwu,cJ)}AL;'EJLAJLSLAQ,;'-)J)L;;MQ})ch%)bﬂ&:ibcqui;&J}
d}blﬂ)/\}(ﬁ})ic(ﬂ)v L(JDY LSLAJ\.:L: JAL& wujWa)‘ﬁbﬂjw djxﬁ@b)}bw‘
C\j.}\‘\jbl);lﬁ;wiu.'::j\;ﬁLgl.a;i.:.zijQ,.:li\éj'\‘l:.mbw\)sj%;ﬁa;%\@b;ﬁgle{)(;iisj';}ajé
wsleiul 35 40 éuﬁ)ﬂlwa\_{g\@@jl{.@| ol oslaxul HISs gaad ls 5 Lgl.ajfj\ ;l;,;:\_guv_:_l)ﬂ\
G SN daw s o3 gdome odd Wy saals 10 Wy s 1) 28 W g 5 gduaab ¢l (’)'Y L;.’.T)LS
LB 3 b glojlsale pslas SIS s Sils 5 s pile (5,850 Lgur:i)}fﬂ 3 a;@\bﬂ.wwim»
-k (G ol s eslaal s ge L;Lav.:.ujﬂ\ WIS 3l (Gaes @LTJ [P Y TRNULE DN S T Wt B Jsd
5 e Sl gy 35 Hlade v/AE LS o 5 de s AV S 3 L(KNIND wlies o 5K 5
va;M:}-Lw J@‘)‘ w)’\s (Y"'—Y'Yi) ULw Yib))b&)b Lhdf)ts LIAMSJ"’)J wa:aj Q}-LWA L)_:JJ.«;.:;
sla el by Sl s G oyl Ct" Sl ails Gl ol Ll dsps VVAY i |, o8 o iy
&;@Wﬂo))&p)e>ﬁ)\>)j}ﬁé>m§u>ﬂ)l5j|L;ﬂ,ié}:éwjjsbqldf@\dlﬂmus
i ol i 3 S S gl | s Sl as s Bl i VL Sl Sl e
OJ-'-“’TO‘JKM)}: 6[..:..<.A) .,U\jﬁ“_;a)abﬁ)\bjjﬁ-ﬁ JYLW\)‘MTJSQSLA@}LA&_})@J.*A})}J)\

AL

Laslgls - A
Sloolsale glas J}KA&.:K&JQ)JS o588l O s ST l eslanal —

GRS 3 lJf@» Oele LSJ:§-’L1 slresS gawaad 3l eslanl —

gl —

Abdullahi Turkmani, Zahra, Yazdani, Mohammad Hassan, & Ghanbari, Abolfazl. (2018).
Analyzing the spatial structure of the city with an emphasis on the character of spatial
connection and connection in the metropolis of Tabriz. Scientific and research quarterly of
research and urban planning, 10(37), 25-40. (In Persian)

Ghanbari, Abolfazl, Musapour, Mustafa, Khorrmi Hossein Hajlou, Habil, & Anuri, Hossein.
(1402). Comparing the efficiency of machine learning classifiers in extracting the physical
development area of Hamedan city by using of Object-Based Images Analysis of satellite
images.. Scientific-research quarterly journal of geographical information "Sephehr". doi:
10.22131/sepehr.2024.2012503.3024. (In Persian)

Khakpur, Velayati, & Kianjad. (1386). The pattern of land use change in the city of Babol -
during the years 1362-78. Regional Geography and Development, 5(9), -. doi:
10.22067/geography.v5i9.4237. (In Persian)

Masoumi, Ezra, Faizizadeh, Bakhtiar, & Valizadeh Kamran, Khalil. (1401). Providing
appropriate parameters in the identification and extraction of buildings and urban features using

226



G

VA)L«.; AYSEL n\i'ijza_Lg sJLM..;l L{.}))L:é‘}iz-

object-oriented processing techniques of aerial images. Geography and Planning, 26(80), 315-
303 .doi: 10.22034/gp.2020.41630.2696. (In Persian)

Mehdi Shabani, Mehdi Hadi Ghanbari, Hossein Atania, Amin Behiari, Contemporary
researches in first year science and research, number 6, December 2018. (In Persian)

Muharrami, Maitham. Nissan Samani, Najmeh. (1401). Comparing the performance of deep
learning and random forest methods in urban land cover classification (case study: Tabriz city).
Scientific Research Journal of Mapping Sciences and Techniques. Volume 11, Number 4, 11-
23.http://jgst.issge.ir/article-1-973-fa.html.(In Persian)

Ojaghi, Saeed. Khazaei, Safa. (2016). Improving the detection of object-oriented changes in
images with high spatial resolution based on the random forest method in the space of optimal
features, Geographical Information Journal (Sephr), Volume 26, Number 104 <127-117 .(In
Persian)

Pourmohammadi, Mohammadreza, Mozni, Mehdi, and Hadili, Bahman. (2017). Evaluation
and analysis of physical development and land use changes of Pars Abad Moghan using remote
sensing data. Human Settlements Planning Studies (Geographic Perspective), 13(1 (42)), 37-
51 .SID. https://sid.ir/paper/175883/fa.(In Persian)

Rafiei, Yusuf. Alavi Panah, Seyyed Kazem. Malek Mohammadi, Bahram. Ramezani Mehrian,
Majid. Nasiri, Hossein. (2011). Preparation of land cover maps with the help of remote sensing
using decision tree algorithm (case study: Bakhtegan National Park and Wildlife Sanctuary),
Geography and Environmental Planning Journal, year 23, number 3, 93-110.
https://dorl.net/dor/20.1001.1.20085362.1391.23.3.6.8 (In Persian)

Rostayi, Shahram. Nikjo, Mohammad Reza. Valizadeh Kamran, Khalil. Alavi, Seyyed Ali.
(1389). Evaluation of the neural network method and object-oriented classification in the
extraction of changes in the urban area (case study of Tabriz city), National Conference of
Geographical Space, Experimental Approach, Environmental Management, Islamic Azad
University, Islamshahr Branch, November 30, 2019. (In Persian)

Turkashvand, Mohammad Ghasim. Musapour, Mustafa. (1400). Evaluating the efficiency of
support vector machine kernel functions and object-oriented fuzzy operators in estimating
snow cover level using Sentinel 2 satellite data (case study: Almablag mountain). Journal of
Geographical Information  (Sephehr),  Volume 30, Number 119,  187-
175.https://doi.org/10.22131/sepehr.2021.247893. (In Persian)

Yazdani Mohammad Hassan, Seydin Afshar, Faraji Issa. Locating the optimal directions of
physical development of Meshgin Shahr with the solution to deal with the crisis. Geographical
space. 1396; 17 (60): 79-99. (In Persian)

el YL

Akin, P. (2023). A new hybrid approach based on genetic algorithm and support vector
machine methods for hyperparameter optimization in synthetic minority over-sampling
technique (SMOTE). AIMS Mathematics, 8(4), 9400-9415.
https://doi.org/10.3934/math.2023473

Alwedyan, S. (2022). Monitoring Urban Growth and Land Use Change Detection with Gis
Techniques In Irbid City, Jordan. International Review for Spatial Planning and Sustainable
Development, 11, 253-275. https://doi.org/10.14246/irspsd.11 .2531

227


http://jgst.issge.ir/article-1-973-fa.html
https://dorl.net/dor/20.1001.1.20085362.1391.23.3.6.8
https://doi.org/10.22131/sepehr.2021.247893

=

Sl e 0P 5 S —

Azhdari, A., Taghvaee, A. A., & Kheyroddin, R. (2018). Spatiotemporal analysis of Shiraz
metropolitan area expansion during 1986-2014: Using remote sensing imagery and landscape
metrics [Research Paper]. International Journal of Architectural Engineering & Urban
Planning, 28(2), 163-173. https://doi.org/10.22068/ijaup.28.2.163

Bazrafkan, A., Navasca, H., Kim, J.-H., Morales, M., Johnson, J. P., Delavarpour, N., Fareed,
N., Bandillo, N., & Flores, P. (2023). Predicting Dry Pea Maturity Using Machine Learning
and Advanced Sensor Fusion with Unmanned Aerial Systems (UASs). Remote Sensing,
15(11), 2758. https://www.mdpi.com/2072-4292/15/11/2758

Briassoulis, H. (2010). Analytical Models of Land use Change: Theoretical Approach and Modeling.
(2th Ed.). Translated by, Mojtaba Rafiyan, Mehran Mahmoodi, Tehran: Azarakhsh

Casali, Y., Aydin, N. Y., & Comes, T. (2022). Machine learning for spatial analyses in urban
areas: a scoping review. Sustainable Cities and Society, 85, 104050.
https://doi.org/https://doi.org/10.1016/j.scs.2022.104050

Dang, K. B., Nguyen, T. H. T., Nguyen, H. D., Truong, Q. H., Vu, T. P., Pham, H. N., Duong,
T.T., Giang, V. T., Nguyen, D. M., Bui, T. H & ,.Burkhard, B. (2022). U-shaped deep-learning
models for island ecosystem type classification, a case study in Con Dao Island of Vietnam.
One Ecosystem, 7. https://doi.org/10.3897/oneeco.7.e79160

Furberg, D. Ban, Y.and Nascetti, A. (2019). Monitoring of Urbanization and Analysis of
Environmental Impact in Stockholm with Sentinel-2A and SPOT-5 Multispectral Data. Journal
of Remote Sensing.Vol.11, NO.20, PP.2408-2442.

Khan, A., & Sudheer, M. (2022). Machine learning-based monitoring and modeling for spatio-
temporal urban growth of Islamabad. The Egyptian Journal of Remote Sensing and Space
Science, 25(2), 541-550. https://doi.org/https://doi.org/10.1016/j.ejrs.2022.03.012

Li, F., Yigitcanlar, T., Nepal, M., Nguyen, K., & Dur ,F. (2023). Machine learning and remote
sensing integration for leveraging urban sustainability: A review and framework. Sustainable
Cities and Society, 96, 104653. https://doi.org/https://doi.org/10.1016/j.5¢s.2023.104653

Lin, H., Liu, X., Han, Z., Cui ,H., & Dian, Y. (2023). Identification of Tree Species in Forest
Communities at Different Altitudes Based on Multi-Source Aerial Remote Sensing Data.
Applied Sciences, 13(8), 4911. https://www.mdpi.com/2076-3417/13/8/4911

Lun, N. S., Chaudhary, S., & Ninsawat, S. (2023). Assessment of Machine Learning Methods
for Urban Types Classification Using Integrated SAR and Optical Images in Nonthaburi,
Thailand. Sustainability, 15(2), 1051. https://www.mdpi.com/2071-1050/15/2/1051

Marzialetti, F., Gamba, P., Sorriso, A., & Carranza, M. L. (2023). Monitoring Urban Expansion
by Coupling Multi-Temporal Active Remote Sensing and Landscape Analysis: Changes in the
Metropolitan Area of Cordoba (Argentina) from 2010 to 2021. Remote Sensing, 15(2), 336.
https://www.mdpi.com/2072-4292/15/2/336

Shafizadeh-Moghadam, H., Asghari, A., Tayyebi, A., & Taleai, M. (2017). Coupling machine
learning, tree-based and statistical models with cellular automata to simulate urban growth.
Computers, Environment and Urban Systems, 64, 297-308.
https://doi.org/https://doi.org/10.1016/j.compenvurbsys.2017.04.002

Tariq, A., Jiango, Y., Li, Q., Gao, J., Lu, L., Soufan, W., Almutairi, K. F., & Habib-ur-Rahman,
M. (2023). Modelling, mapping and monitoring of forest cover changes, using support vector

228


https://doi.org/10.22068/ijaup.28.2.163
https://www.mdpi.com/2072-4292/15/11/2758
https://doi.org/https:/doi.org/10.1016/j.scs.2022.104050
https://doi.org/10.3897/oneeco.7.e79160
https://doi.org/https:/doi.org/10.1016/j.ejrs.2022.03.012
https://doi.org/https:/doi.org/10.1016/j.scs.2023.104653
https://www.mdpi.com/2076-3417/13/8/4911
https://www.mdpi.com/2071-1050/15/2/1051
https://www.mdpi.com/2072-4292/15/2/336

G

VA)L«.; AYSEL n\i'ijza_Lg sJLM..;l L{.}))L:é‘}iz-

machine, kernel logistic regression and naive bayes tree models with optical remote sensing
data. Heliyon, 9(2), e13212. https://doi.org/https://doi.org/10.1016/j.heliyon.2023.e13212

Temitope Yekeen, S., & Balogun, A.-L. (2020). Advances in Remote Sensing Technology,
Machine Learning and Deep Learning for Marine Oil Spill Detection, Prediction and
Vulnerability Assessment. Remote Sensing, 12(20), 3416. https://www.mdpi.com/2072-
4292/12/20/3416

Thomasberger, A., Nielsen, M. M., Flindt, M. R., Pawar, S., & Svane, N. (2023). Comparative
Assessment of Five Machine Learning Algorithms for Supervised Object-Based Classification
of Submerged Seagrass Beds Using High-Resolution UAS Imagery. Remote Sensing, 15(14),
3600. https://www.mdpi.com/2072-4292/15/14/3600

Tsarovska, Y. (2023). Application of object-oriented image classification in urban areas. AIP
Conference Proceedings, 2887(1). https://doi.org/10.1063/5.0158342

Uca Avcl, Z., Karaman, M., Ozelkan, E., & Papila, 1. (2011). A Comparison of Pixel-Based
and Object-Based Classification Methods, A Case Study: Istanbul, Turkey 34th International
Symposium on Remote Sensing of Environment, Sydney, Australia .

Uddin, S., Khan, A., Hossain, M. E., & Moni, M. A. (2019). Comparing different supervised
machine learning algorithms for disease prediction. BMC Med Inform Decis Mak, 19(1), 281.
https://doi.org/10.1186/s12911-019-1004-8

Upreti, A. (2022). Machine Learning Application in GIS and Remote Sensing: An Overview.
In Preprints: Preprints.

Wang, X., Liu, S., Du, P., Liang, H., Xia, J., & Li, Y. (2018). Object-Based Change Detection
in Urban Areas from High Spatial Resolution Images Based on Multiple Features and
Ensemble Learning. Remote Sensing, 10(2), 276. https://www.mdpi.com/2072-4292/10/2/276

Wu, J., Lin, L., Zhang, C., Li, T., Cheng, X., & Nan, F. (2023) .Generating Sentinel-2 all-band
10-m data by sharpening 20/60-m bands: A hierarchical fusion network. ISPRS Journal of
Photogrammetry and Remote Sensing, 196, 16-31.
https://doi.org/https://doi.org/10.1016/j.isprsjprs.2022.12.017

Wu, N., Crusiol, L .G. T., Liu, G., Wuyun, D., & Han, G. (2023). Comparing Machine Learning
Algorithms for Pixel/Object-Based Classifications of Semi-Arid Grassland in Northern China
Using Multisource Medium Resolution Imageries. Remote Sensing, 15(3), 750.
https://www.mdpi.com/2072-4292/15/3/750

Yang, K., Ye, Z,, Liu, H., Su, X., Yu, C., Zhang, H., & Lai, R. (2023). A new framework for
GEOBIA: accurate individual plant extraction and detection using high-resolution RGB data
from  UAVs. International Journal of Digital Earth, 16(1), 2599-2622.
https://doi.org/10.1080/17538947.2023.2233484

Yousif, H. M., & Abdulah, D. A. (2022). Evaluation of machine learning approaches for
sensor-based human activity recognition. International Journal of Nonlinear Analysis and
Applications ,13(2) 1183-1200 .https://doi.org/10.22075/ijnaa.2022.6356

Asami,Yasushi ; Sadashiro,Yukio ; Ishikawa, Toru (2009) New frontiers in urban analysis ; In
honor of atsuyuki okobe , CRC Press , 246. (Book)

229


https://doi.org/https:/doi.org/10.1016/j.heliyon.2023.e13212
https://www.mdpi.com/2072-4292/12/20/3416
https://www.mdpi.com/2072-4292/12/20/3416
https://www.mdpi.com/2072-4292/15/14/3600
https://doi.org/10.1063/5.0158342
https://doi.org/10.1186/s12911-019-1004-8
https://doi.org/https:/doi.org/10.1016/j.isprsjprs.2022.12.017
https://www.mdpi.com/2072-4292/15/3/750
https://doi.org/10.1080/17538947.2023.2233484
https://doi.org/10.22075/ijnaa.2022.6356

=

Sl e 0P 5 S —

Aspinall, R. J., & Hill, M. J. (2007). Land use change: science, policy and management. CRC
Press. (Book)

Briassolis, Helen, (2009), "Analytical models of land use change: theoretical approach and
modeling”, translation, Mojtaba Refayan, Mehran Mahmoudi, Tehran, Azarakhsh
Publications, 440. (Book)

Fatemi Seyed Baqer, Rezaei Yusuf, Basics of Remote Sensing, Publisher: Azadeh (Rahian
Arshad), 2013. (Book)

Koomen, E., Stillwell, J., Bakema, A., & Scholten, H. J. (Eds.). (2007). Modelling land-use
change: Progress and applications (Vol. 90). Springer Science & Business Media. (Book)

Razovian, Mohammad Javad, (2008), "Urban Land Use Planning”, Tehran, Menshi
Publications, 264. (Book)

230



